Global Surface Water Storage Dynamics Using Satellite Remote Sensing
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> Surface water storage data are scarce and often inaccessible in many regions of the world, limiting our ability to understand surface water balance at the global scale. Satellite remote sensing can play a pivotal role in providing otherwise unavailable surface water storage data.

» Here we summarize results of the integration of long-term satellite remote sensing data collected by optical and microwave sensors to produce long-term (beginning with the launch of Topex/Poseidon in 1992) global surface water storage data for large lakes, reservoirs, and rivers.
~ We use data produced by multiple satellite altimetry missions, including but not limited to Topex/Poseidon (T/P), Jason-1, -2, and -3, with surface extent estimated from Moderate Resolution Imaging Spectroradiometer (MODIS) from 2000 on.

~ We leverage from relationships between surface area and height, allowing us to produce estimates of storage variations even during periods when either of the variables are not available, so as long as there are strong relationships between the two during an overlap period.

> The intent of the project is to produce the most complete possible satellite-derived records over the period from T/P launch up to the launch of the Surface Water and Ocean Topography (SWOT) mission, planned for 2021, with the goal to provide long-term, consistent, and calibrated records of surface
water cycle variables so to baseline future SWOT products.
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Global Optical Lake Area (GOLA)
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